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Humans involuntarily behave like other similar humans around them. We all follow an 

involuntary pattern and this pattern detection is precisely the idea behind marketing analytics

The task for marketing analytics is to identify groups of people similar in their attributes to learn 

more about them. This method is also referred to as look
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chief marketing officer of the company come rushing to you office looking unusually worried

The board of directors has given him 

into half at the same time. 

business problem of improving business revenue with reduced cost. You have also realized that 

this is a great opportunity for you to establish analytics practices in the company since there is a 

quick opportunity for you to improve the P&L

Additionally, the CMO informed you that last year they had carried out marketing campaigns 

with different offers on the product catalog. A direct mailing product catalog was sent to some 

hundred thousand customers from the base of over

the response rate of 4.2%. The direct mailers were later followed up with SMS and email 

messaging.

To explain your strategy to the CMO, you drew a quick and dirty campaign P&L statement on 

the white board in yo
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the campaign i.e. you will reach out to the right set of customers and generate maximum value. 

Additional there is an intangible benefit of this exercise i.e. reduced customer dissatisfaction 
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